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1. Introduction

A number of changes in the payment system have taken place over the last cou-

ple of years that are likely to change dramatically how households pay for their pur-

chases and in particular favor the use of electronic payment instruments in Uruguay.

First, the recently approved Law of Financial Inclusion (Ley de Inclusión Financiera)

mandate the use of the banking system to pay wages, pensions and social benefits.

An improvement in the access to the financial sector might result in an increase in

the number of credit and debit card users. Not only it is expected an increase in

the number of people having debit and credit cards but also the use of electronic

payment instruments is promoted through the reduction in the Value Added Tax

(VAT). Payments with credit cards benefit from a reduction of 2 percentage points

in the VAT and payments with debit cards or e-money benefit from a reduction of 4

percentage points in the VAT during the first year. At the same time, the develop-

ment of the electronic payments network via government subsidies to import and

rent Point of Sale (POS) machines together with the increase in the acceptance of

credit and debit cards are likely to affect payment choices in the future. The use

of electronic payment instruments is not as developed in Uruguay as it is the case

in the United States and the United Kingdom or even other developing countries

with similar income levels 1. All these changes merit a better understanding of how

households choose their payment instruments and how this is driven by transaction

1See Lluberas and Saldain (2014) for an international comparison and more up-to-date data on
the use of payment instruments in Uruguay and Mello (2011) for a detailed description of the credit
card market in Uruguay.
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characteristics.

The literature usually estimate discrete choice models of payment instrument

controlling for a set of household demographic characteristics (see Klee (2006),

Borzekowski and Kiser (2008), among others). Exceptions are Klee (2008) and

Cohen and Rysman (2013) that also consider transaction characteristics using gro-

cery store data for the US. We show that transaction characteristics (how much

was spent, where was the purchase and what was purchased) are more important

factors in explaining payment instrument choice in Uruguay than household demo-

graphic characteristics.

We first present a payment instrument choice empirical model inspired by the

two-sided market literature. In general, two-sided markets are those in which there

are potential gains from trade in an interaction between two agents. In the case of

the payment system, the merchant may benefit when the consumer pays with credit

card instead of cash, for instance. As both sides of the market obtain a net gain

from the interaction we argue that it is key to consider characteristics of both sides

to empirically study payment instrument choice.

The main contribution of this paper is then to consider not only household char-

acteristics as determinants of payment instrument choice but also a set of transac-

tion characteristics. We find that not including transaction characteristics, amongst

them where, when and what the household bought as well as how much it was

spent, results in bias estimates of household characteristics effects. In particular,

while the literature emphasizes the importance of household characteristics and in

particular income, we find that once we include transaction characteristics income

plays a minor role in explaining payment instrument choices.

The rest of the paper is summarized as follows. The next section presents the
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data used in the empirical analysis as well as some descriptive statistics and the

specification of a multiple choice model. We then show how payment instruments

choice varies by household and transaction characteristics. Section 4 shows how

sensitive the payment method choice is to selected household and transaction char-

acteristics. Finally, Section 5 concludes.

2. Empirical evidence

2.1. Data

We use data from the Encuesta Nacional de Gastos e Ingresos de los Hogares

2005/06. It is an expenditure survey used by the national statistical authorities as

the main input to compute the expenditure weights used in the calculation of the

Consumer Price Index, which is also produced by the national institute of statis-

tics2. The main advantage of using this survey is its sample size (about 7,000

households) and the rich information not only on household demographic charac-

teristics but also on the items bought, the payment instrument used and the type of

store where the purchase took place.

The database contains information on purchases of more than 1,000 items.

We only consider three payment instruments: cash, credit card and direct or store

credit 3. After eliminating observations with missing data we end up with more than

400,000 observations, with each observation being a combination of household and

transaction.

2Instituto Nacional de Estadísticas (INE)
3From now on we are going to call it direct credit
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One problem with our analysis is that we use data from 2005/06; a period in

which the use of electronic methods in Uruguay are not widely adopted. On the

positive side, the survey contains a very rich set of household and transaction char-

acteristics that allows us to check the sensitivity of the payment instrument choice

to selected variables. Due to the characteristics of the retail sector and the devel-

opment of the payment system in Uruguay, it is of major importance to include type

of store in our model specification. The latter aims to capture supply side effects in

the use of payment instruments.

3. Preliminary analysis

In this section we present a summary descriptive analysis of the data. Figure

1 shows the proportion of households that use each of the payment instruments

considered and the proportion of total household expenditure channeled through

each of them. While all the households in the sample use cash for their purchases,

the figure is almost 67% for direct credit and 46% for credit card. Cash is also the

main payment instrument for Uruguayan households: more than three quarters of

household expenditure is paid using cash. The other quarter of household expen-

diture is split in 15% for direct credit and 9% for credit card. Credit card adoption in

Uruguay is substantially lower than in the US where about 19% of households use

credit cards (See Borzekowski and Kiser (2008)).
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Figure 1: Use and expenditure by payment instrument (in %)

Source: Own caluculations using data from Encuesta de Gastos e Ingresos de los Hogares 2005-2006

Figure 2 shows how the choice of payment instrument varies with transaction

size4. The proportion of transactions made using cash declines with the size of the

transaction. While 90% of transactions of less than U$ 1505 are made using cash,

the figure is just above 60% for transactions of U$ 3,000 or more. On the other

hand, the proportion of transactions made using direct credit increases from almost

0 for purchases of less than U$ 150 to about 20% for transactions of U$ 3,000 or

more. The use of credit card also increases with the size of the transaction but at a

lower rate, about 15% of transactions are made with credit card for transactions of

more than U$ 3,000.

4The graph shows local polynomial regression results of payment instrument choice and trans-
action size expressed in logarithms

5As a reference, the Peso/USD exchange rate was, on average, 25 Pesos per USD during 2005-
2006.
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Figure 2: Payment instrument use (% of transactions according to transaction size)

Source: Own caluculations using data from Encuesta de Gastos e Ingresos de los Hogares 2005-2006

In the next section we argue that the choice of payment instrument depends on

the net gain from the interaction between the consumer and the merchant and thus it

is key to consider characteristics of the two sides of the market. Figure 3 shows how

the choice of payment instrument not only varies with the transaction size but also

with the type of store - i.e merchant characteristics. For similar transaction sizes

households choose to pay with different payment instruments depending on the

store they make the purchase. This is likely to capture acceptance by the merchants

of credit cards or the offer of store credit. Indeed, while independently of the size

the purchase most of the transactions in bakeries and grocery stores are paid with

cash, credit card is widely used in supermarkets and furniture stores. These results

point to the idea that both sides of the market are important in explaining payment

instrument choice.
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Figure 3: Payment instrument use in selected store types (% of transactions according to transaction
size)

Source: Own caluculations using data from Encuesta de Gastos e Ingresos de los Hogares 2005-2006

4. Model and estimation

4.1. Empirical model

In this section we present an empirical model based on the growing theoretical

literature on two-sided markets 6. In general, two-sided markets are those in which

there are potential gains from trade in an interaction between two agents. In the

case of the payment system, the interaction is between a consumer - or buyer -

and a merchant - or seller. The merchant may benefit when the consumer pays

with credit card instead of cash, for instance. The main idea is that both sides of

6See, for instance, the pioneer work of Rochet and Tirole (2003) and Armstrong (2006)
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the market obtain a net gain from the interaction. Then, consumers value credit or

debit cards if the they are widely accepted by merchants, and merchants benefit

from accepting credit or debit cards to the extent that these are held and used by a

large number of consumers. In Rochet and Tirole (2003) words: “...many if not most

markets with network externalities are characterized by the presence of two distinct

sides whose ultimate benefit stems from interacting through a common platform”.

We argue, then, that it is key to introduce characteristics of both sides of the market

in an empirical model of payment instrument choice.

Assume a continuum of consumers normalized to one. In each transaction, the

consumer (i) obtains utility, Uij from using payment instrument j:

Uij = αijNjm − pij (1)

Where αij is consumer’s benefit of interacting with each merchant that accepts

payment instrument j; Njm is the number of merchants that accept payment instru-

ment j and pij is the consumer cost - in terms of money but also time, convenience,

etc - of using payment instrument j. As usual in the two-sided markets literature, we

assume that the consumer’s utility from using payment instrument j is increasing

on the number of merchants that accept that payment instrument and decreasing

on its using costs.

Assume that the consumer can choose to pay either with cash (A), credit card

(B) or store credit (C). Then, the number of consumers that choose to pay with

cash, credit card or store credit are, respectively:

NiA = P (UiA > UiB, UiA > UiC) = φA(Njm, pij) (2)
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NiB = P (UiB > UiA, UiB > UiC) = φB(Njm, pij) (3)

NiC = P (UiC > UiA, UiC > UiB) = φC(Njm, pij) (4)

With ∂φj
∂Njm

≥ 0 and ∂φj
∂pij

≤ 0. In other words, the number of consumers using

cash (credit card/store credit) increases with the number of merchants accepting

cash (credit card/store credit) and decreases with using costs. Note that we do not

rule out the possibility of the consumer multi-homing as the above decision is for

each transaction the consumer makes. Then, a given consumer can pay with cash

when buying apples in a supermarket and with credit card when buying furniture in

a furniture store.

We then assume that the consumer chooses the payment instrument that max-

imizes her utility specified as following:

Uijk = Xiβj +Gjkδj

Where, as before, Uijk is the utility of household i from using payment instru-

ment j for transaction k. If we assume that there are factors not observed by the

econometrician, we can express households’s random utility as:

Vijk = Uijk + εijk = Xiβj +Gjkδj + εijk

Where the εijk capture unobserved factors and are assumed independently and

identically distributed following an extreme value distribution. This is the standard

multinomial choice model. At this stage we are not making use of the fact that we
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observe several purchases for each household. We are going to consider each

purchase, i.e a combination of what and where the household made the purchase,

as independent from each other. This is certainly not an efficient use of the infor-

mation in hand but serves our initial purpose of studying how the choice of payment

instrument is affected by transaction characteristics. We aim to exploit this feature

of the data in future research 7.

We consider two set of factors that affect payment instrument choice. First,

following previous studies, we assume that demographic characteristics affect the

decision on what payment instrument to use. The characteristics that we include

in the model are level of education, region of residence, income, whether the head

of the household is retired, age, household size and sex. These set of variables

aim to capture also the subjective cost of using each payment instrument, i.e they

represent pij in equation 1. A second set of factors that might affect payment instru-

ment choice is the characteristic of the transactions. Among them are transaction

size, the type of store where the purchase took place and the type of good pur-

chased. These variables, among other things, aim to capture the merchants side

of the market, in particular, the parameter Njm in equation 1. Previous studies

have found that transaction size is an important determinant of payment instrument

choice (see Cohen and Rysman (2013)). We do not only control for transaction size

but also for both where and what the household bought. The latter may account for

7In further research we plan to exploit the fact that we have several observations per household.
Recent literature (see for instance Giergiczny and Hess (2014) on discrete choice models stresses
the importance of individual heterogeneity and how demographic and attributes can affect choices
differently across households. A second concern with using a multinomial logit model is the Inde-
pendece of Irrelevant Alternatives (IIA) property. We have transaction level data for each household
and are not considering the fact that the choice of payment instrument can be correlated across
transactions for a single household. We aim to improve our empirical strategy in that direction in the
future.
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supply side factors as, for instance, not all the store types accept credit cards or

stores accept credit cards only for purchases of more than a certain amount. It is

worth noting that a non-negligible proportion of household expenditure in Uruguay

is made in informal stores, thus the importance of controlling for store type in our

payment instrument choice model.

In all the estimation results shown in the tables below the omitted payment op-

tion is cash. We divide our results according to household characteristics and trans-

action characteristics.

4.2. Household characteristics

Table 1 shows estimation results on the effect of household demographic char-

acteristics on payment instrument choice 8. The probability of using credit card

increases with education, household income and age. There are also important

differences by region. The omitted region is Montevideo, capital and main city of

the country. In general, households living outside Montevideo are more likely to use

cash and direct credit and less likely to use credit card. Finally, in line with previous

findings, men are more likely to use cash and less likely to pay with credit card or

direct credit.

Overall, our results are in line with the literature as we find that household char-

acteristics are important determinants of the choice of payment instrument. In the

next section we present evidence that transaction characteristics are even more
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Table 1: Multinomial Logit Model: Household characteristics

Direct credit Credit card

Secondary 0.238*** 0.442***
[0.030] [0.026]

Technical 0.241*** 0.317***
[0.035] [0.029]

Tertiary -0.125*** 0.524***
[0.044] [0.029]

Artigas 0.257*** -3.291***
[0.066] [0.237]

Canelones 0.282*** -0.413***
[0.038] [0.025]

Cerro Largo 0.241 -1.557***
[0.132] [0.223]

Colonia 0.520*** -1.741***
[0.062] [0.093]

Durazno 1.233*** -0.981***
[0.056] [0.082]

Flores 1.101*** -1.697***
[0.090] [0.160]

Florida 1.138*** -0.064
[0.058] [0.055]

Lavalleja 0.787*** -0.927***
[0.107] [0.122]

Maldonado 1.214*** -0.181***
[0.051] [0.047]

Paysandu 0.509*** -0.693***
[0.063] [0.062]

Rio Negro 0.339*** -1.298***
[0.073] [0.086]

Rivera 0.297*** -2.568***
[0.073] [0.203]

Rocha 0.523*** -1.845***
[0.052] [0.078]

Salto 1.061*** -0.543***
[0.072] [0.080]

San Jose 0.528*** -1.575***
[0.097] [0.149]

Soriano 0.813*** -0.823***
[0.059] [0.071]

Tacuarembo 0.014 -0.866***
[0.076] [0.081]

Treinta y Tres 1.595*** -3.417***
[0.069] [0.379]

Ln(income) -0.238*** 0.465***
[0.017] [0.012]

Age -0.001 0.004***
[0.001] [0.001]

HH size 0.090*** -0.029***
[0.007] [0.006]

Male -0.222*** -0.137***
[0.025] [0.017]

Constant -6.210*** -9.658***
[0.174] [0.121]

N 420,417
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important to explain payment choice in Uruguay.

4.3. Transaction characteristics

Tables 2 and 3 show estimation results on the effect of transaction character-

istics on the payment method choice 9. Among the transaction characteristics that

we include in our choice model are the the type of store (42 different store types are

available in the survey), transaction size (expressed as log of expenditure), month

of the transaction and the type of good purchased using the Classification of Indi-

vidual Consumption According to Purpose (COICOP) adapted for Uruguay at the

Division level.

Table 2 shows the first set of transaction characteristics included in our multi-

nomial choice model: type of store where the purchase took place and the size

of the transaction. As per our estimation results, the type of store is an important

determinant of the payment instrument choice. The omitted category in this case

is if the did not take place in a store. A large proportion of transaction takes place

in informal stores which generally do not accept credit cards and do not have a

formal store credit program 10. In general, households are more likely to pay cash

in small or local stores like small grocery store (store type 2), bakery (store type

5), butcher (store type 5), craft and food fair (store type 8) and kiosc or newsstand

(store type 14). On the other hand, the use of direct credit and credit card is more

likely in big stores such as supermarkets (store type 2), pharmacies or drugstores

8Note that we are also controlling for transaction characteristics; shown in Tables 2 and 3.
9Recall that we are also controlling for demographic characteristics and also including a constant

shown in Table 1.
10We are not considering here informal store credit as a payment method, known as fiado but we

plan to include it in the model in a later stage.
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(store type 13), shoeshops (store type 27), furniture shops (store type 28), electrical

appliances shops (store type 29) and hardware stores (store type 37). Store type

seems to capture supply side elements of the payment system.

The last transaction characteristic included in Table 2 is transaction size ex-

pressed as the logarithm of expenditure. As expected, the probability of households

using direct credit and credit card is increasing with the size of the transaction. Simi-

lar results were found by Klee (2008) and Cohen and Rysman (2013) using scanner

data on grocery purchases in the US.

Table 3 shows the estimation results for our second set of transaction charac-

teristics: month of purchase and type of good or service. The omitted month of

purchase is January and, as before, all the results are expressed relative to cash.

There is seasonality in the preferred payment method across the year. Households

are more likely to pay with direct credit or credit card during the period between

March and October relative to the summer months of January and February. On

the other hand, in November households are more likely to pay with cash than

with the two credit options we are considering. Finally, probably associated with the

Christmas period, households are more likely to use direct credit during the summer

month of December than cash and credit cards. These results are consistent with

money demand seasonality previously found and studied by Bucacos and Licandro

(2002) and Bucacos (2005).

The other transaction characteristics considered in Table 3 are the type of good

and services purchased. The omitted category is food and non-alcoholic drinks. In

general, though there are a couple of exceptions, households are more likely to pay

with credit card or direct credit when purchasing food and non-alcoholic drinks than

the rest of the goods and services. One exception is household goods that includes
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Table 2: Multinomial Logit Model: Transaction characteristics (I)

Direct credit Credit card Direct credit Credit card

Store type 2 -1.767*** -2.183*** Store type 23 -17.578 -18.751
[0.128] [0.112] [7083.940] [4851.144]

Store type 3 0.988*** 1.742*** Store type 24 1.828*** -1.993***
[0.056] [0.037] [0.144] [0.358]

Store type 4 -3.504*** -2.469*** Store type 25 -17.785 -18.989
[0.710] [0.222] [5352.311] [3667.722]

Store type 5 -2.788*** -2.333*** Store type 26 1.006*** 1.621***
[0.383] [0.253] [0.372] [0.200]

Store type 6 -17.406 -1.749*** Store type 27 0.895*** 1.602***
[3969.135] [0.507] [0.077] [0.061]

Store type 7 -0.909 -3.016*** Store type 28 0.592*** 1.300***
[0.712] [1.002] [0.100] [0.084]

Store type 8 -1.712*** -2.381*** Store type 29 1.472*** 1.573***
[0.173] [0.149] [0.057] [0.051]

Store type 9 -17.874 -3.785*** Store type 30 0.15 1.042***
[1228.412] [0.579] [0.273] [0.194]

Store type 10 -0.09 -3.128*** Store type 31 0.147 1.718***
[0.217] [0.709] [0.615] [0.234]

Store type 11 1.231*** -1.380*** Store type 32 -0.044 0.652***
[0.067] [0.181] [0.278] [0.195]

Store type 12 -0.69 -0.512 Store type 33 -0.522*** 1.980***
[1.009] [0.589] [0.166] [0.053]

Store type 13 0.297** 0.699*** Store type 34 -2.409*** 0.873***
[0.129] [0.082] [0.711] [0.121]

Store type 14 -0.394 -2.208*** Store type 35 -0.943*** -0.285
[0.231] [0.246] [0.347] [0.419]

Store type 15 0.836*** -0.550** Store type 36 -0.444 -0.592***
[0.209] [0.259] [0.308] [0.184]

Store type 16 1.247*** 1.128*** Store type 37 0.704*** 1.130***
[0.168] [0.096] [0.093] [0.068]

Store type 17 0.896*** 1.296*** Store type 38 -0.816*** -0.109
[0.060] [0.044] [0.156] [0.108]

Store type 18 -1.297 -18.255 Store type 39 -20.28 -0.303
[1.067] [2729.749] [31730.019] [1.077]

Store type 19 -17.935 0.862 Store type 40 1.190*** -0.465
[28116.760] [1.055] [0.179] [0.453]

Store type 20 -17.204 -0.689*** Store type 41 -19.368 1.416***
[2282.091] [0.184] [22327.088] [0.536]

Store type 21 -17.357 0.563*** Store type 42 0.117** -0.566***
[2885.782] [0.127] [0.053] [0.050]

Store type 22 -17.195 -0.639 Ln(expenditure) 0.787*** 0.324***
[5641.128] [0.389] [0.009] [0.007]

N 420,417
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furniture, furnishings, electrical appliances and other household equipment. House-

holds are more likely to pay using credit card than cash when buying household

goods. The second exception is healthcare; households seem to pay healthcare

services using either cash or credit card.

In this section we show the importance of considering not only household de-

mographic characteristics but also transaction characteristics to explain payment

instrument choice in Uruguay. In line with previous literature for the US we find that

household income, region of residence, sex and age are important determinants

of payment instrument choice. We also find that transaction characteristics, aim to

capture supply side effects, are also important determinants of household choices.

In particular, we saw that the type of store and the size of the transaction have

significant effects on the payment method choice.

In the next section we study, using the results from our multiple choice model,

how the predicted probabilities of payment method choice are affected by both

household and transaction characteristics.

5. Household vs transaction characteristics as determinants of

payment choice

In order to study the sensitivity of the payment method choice to both household

and transaction characteristics we consider a representative agent with sample av-

erage household and transaction characteristics. We then leave selected variables

unchanged and then assess how the predicted probabilities are affected by each of

these variables. Among the variables that we consider are transaction size, month

of purchase, household income and age.
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Table 3: Multinomial Logit Model: Transaction characteristics (II)

Direct credit Credit card

February -0.09 0.055
[0.061] [0.040]

March 0.247*** 0.129***
[0.057] [0.039]

April 0.149*** 0.163***
[0.057] [0.038]

May 0.310*** 0.406***
[0.056] [0.037]

June 0.384*** 0.432***
[0.055] [0.037]

July 0.428*** 0.016
[0.055] [0.039]

August 0.325*** 0.332***
[0.055] [0.037]

September 0.434*** 0.200***
[0.055] [0.038]

October 0.355*** 0.112***
[0.056] [0.039]

November -0.267*** -0.086**
[0.062] [0.039]

December 0.190*** -0.158***
[0.058] [0.042]

Alcoholic drinks and tobacco -0.922*** -0.557***
[0.214] [0.074]

Clothing 0.082 0.190***
[0.065] [0.041]

Housing -2.161*** -1.395***
[0.091] [0.063]

Household goods -0.680*** 0.100***
[0.063] [0.034]

Healthcare -0.897*** -0.038
[0.083] [0.053]

Transport -0.627*** -0.346***
[0.073] [0.053]

Communications -1.060*** -0.299***
[0.081] [0.056]

Leisure -1.079*** -0.394***
[0.071] [0.044]

Education -2.287*** -2.546***
[0.241] [0.248]

Restaurants and hotels -1.329*** -0.456***
[0.167] [0.071]

Other goods and services -0.255*** -0.402***
[0.058] [0.032]

Not classified 1.391*** -1.231***
[0.071] [0.101]

N 420,417
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Figure 4 shows how the predicted probabilities of cash, direct credit and credit

card are affected by transaction size. After controlling for the rest of household

and transaction characteristics included in our multiple choice model and shown in

the previous tables (see Tables 1, 2 and 3) the use of cash declines as the size

of transaction increases. Cash is the preferred payment method for transactions

of less than about 3,000 pesos; up to that point between 100% and 90% of trans-

actions are paid using cash. But for transactions above 22,000 pesos direct credit

use starts to increase and becomes the preferred payment method for very large

transactions. Probably because credit card adoption was low in Uruguay back in

2005-2006 (see Figure 1) and although there is a small increase of credit card use

for large transactions, we do not find a large effect of transaction size on the use of

credit card.

Figure 4: Payment instrument choice and transaction size: representative household

Figure 5 shows how payment instrument choice varies with month for the repre-
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sentative agent. After controlling for the rest of the household and transaction char-

acteristics month captures a small proportion of the variation in payment choice.

Figure 5: Payment instrument choice and month of purchase: representative household

Figure 6 shows how household characteristics, in particular income, affects

payment instrument choice. Previous studies have highlighted the importance of

household characteristics to explain payment instrument choice. We find that al-

though household characteristics and in particular income are significant predictors

of household payment choices, once we control for transaction characteristics the

variation in payment choice explained by income is not substantial. We do observe

an increase in the use of credit card and a decline in the use of cash as household

income increases but the changes are not as dramatic as for transaction size.
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Figure 6: Payment instrument choice and household income: representative household

The effect of age on payment choice is shown in Figure 7. We find that the effect

of age on household payment choice is even less important than for household

income.
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Figure 7: Payment instrument choice across age: representative household

In order to study the likely bias of not including transaction characteristics in a

model of payment choice behavior we estimate an alternative model not including

transaction size and the type of store. We perform the same simulation exercise

as before: consider a representative agent using the average sample for the vari-

ables included in the model except income. Figure 7 shows the effect of household

income when we do not control for transaction size and type of store. Household in-

come captures, under this model specification, the effect of the latter two variables.

While we found that income explains a small proportion of the variation in payment

instrument choice once we control for transaction characteristics, we find that omit-

ting transaction characteristics results in an increase of the use of credit card as

household income increases. These results point to the importance of including

transaction characteristics in order to capture supply side effects in empirical mod-

els of payment method choice.
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Figure 8: Payment instrument choice across and income: the effect of not controlling for transaction
size

In sum, as found in previous studies, household characteristics are important

determinants of household payment method choices in Uruguay. A contribution of

this study is to include a rich set of transaction characteristics. Once you control for

transaction characteristics the effect of household observed heterogeneity seems

to be substantially reduced.

6. Conclusion

Recent changes in the Uruguayan payment system merit a better understanding

of how households choose their payment method. The literature usually stresses

the importance of household observed characteristics to explain payment instru-

ment choice. We argue that not considering transaction characteristics to explain

households payment choice results in biases estimates of the effect of demographic
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characteristics on payment choice behavior.

We first present a payment instrument choice empirical model inspired by the

two-sided market literature. In general, two-sided markets are those in which there

are potential gains from trade in an interaction between two agents. In the case of

the payment system, the merchant may benefit when the consumer pays with credit

card instead of cash, for instance. The main idea is that both sides of the market

obtain a net gain from the interaction. We argue, then, that it is key to consider

characteristics of both sides to empirically study payment instrument choice.

We analyze the sensitivity of the payment instrument choice to both household

and transaction characteristics by considering a representative agent. We find that

not including transaction characteristics, among them where, when and what the

household bought as well as how much it was spent, results in bias estimates of

household characteristics effects. Indeed, we find that once we consider transac-

tion characteristics, income and age play a minor role in explaining payment instru-

ment choices.
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